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Abstract : A new model is proposed to estimate the significant wave height and average period with ERS-1/2
scatterometer data. The relationship between the wind speed and significant wave height in full developing
wind-wave domination is established by Russian scholars. Through this formula,the data that based on the
ERS1/2 data and the NDBC buoys data matching were distinguished into three states: developing wind-
wave, full developing wind-wave and swell wave,respectively. The significant wave heights and average pe-
riod are retrieved by Back Propagation neural network, the root mean square is 0. 53,0. 57,0. 90 m and
0.69 s,1.04 s,1. 36 s in three states,respectively. This method inversion significant wave height and period
is found that the full developing wind-wave domination is best effect,in turn,is the developing wind-wave,
the last is swell wave. The study provides the basis for scatterometer data inversion of wave parameters. It
makes the biggest possible inversion wave parameters in large area.

Key words: Significant wave height; Average period;Back Propagation(BP) neural network; ERS1/2 data;
Buoys data



